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How does it work?

About
* Nsight Systems is a system-wide performance analysis, we can capture activity across the CPU, GPU, and OS!

* Uses low-overhead tracing/sampling to find bottlenecks - thus can’t exactly tell you why slowdowns are occurring, just where +
when.

GPU

SM utilization, tensor cores,
0S memory throughput, etc. CPU

Thread states, CPU cores, etc. Call stack, functions, etc.

APls NVTX

CUDA, kernellaunches, etc. User-defined activity markers

Optimization
* If bottleneck is GPU-bound, we can use Nsight Compute to analyze specific kernels (not discussed here)

* Otherwise, profile as normal.



https://docs.nvidia.com/nsight-systems/UserGuide/index.html
https://docs.nvidia.com/nsight-systems/UserGuide/index.html
https://docs.nvidia.com/nsight-systems/UserGuide/index.html
https://docs.nvidia.com/nsight-systems/AnalysisGuide/index.html
https://docs.nvidia.com/nsight-systems/AnalysisGuide/index.html
https://docs.nvidia.com/nsight-systems/AnalysisGuide/index.html

Installation

Download from here: https://developer.nvidia.com/nsight-systems/get-started#reqs

* Needs to be on both yourworkstation and personal device! (if you are using SSH)
Set execution privileges in the file via chmod +x NVIDIA_Nsight_Systems_Linux_*.run

Run ./NVIDIA_Nsight_Systems_Linux_*run to make it available

Profiling

Post-run analysis (most common/easier to use)
* Runnsys profile -o report julia script.jl

*  report”: name of the outputfile, ”script”: name of the input file

During-run analysis (not discussed here)
* Interactive CLI
* Launchinterminalw/ manual control over what runs
* Runnsyslaunch julia—project=.script.jl, nsys start/stop, etc.
* Interactive GUI
* Launchin program on remote and view locally as it runs

* Runssh-Xuser@server nsys-ui

Each method outputs a .nsys-rep file which we can analyze further...

Flag

Description

-0, --output <name>

Filename for output.

-t, --trace <apis>

Select which APIs to trace (ex. cuda,
nvtx, osrt, cudnn, mpi)

-y, --delay <s>

Delays start of data collection by s
seconds.

-d, --duration <s>

Stops data collection after s seconds.

--capture-range
<trigger>

Starts data collection only after atrigger
is hit (ex. nvtx).

--stats <bool>

Run nsys automatically after collection
finishes.

--export <type>

Export report automatically to another
format (ex. sqlite, csv, etc.)



https://developer.nvidia.com/nsight-systems/get-started#reqs
https://developer.nvidia.com/nsight-systems/get-started#reqs
https://developer.nvidia.com/nsight-systems/get-started#reqs
https://developer.nvidia.com/nsight-systems/get-started#reqs
https://developer.nvidia.com/nsight-systems/get-started#reqs

Viewing Results

C

ommand

CLI Statistics

nsys stats report.nsys-rep

Quick summary

API, kernel, memory operation,
push/pop range, runtime API
statistics

Input .nsys-rep or .sqlite via
command in terminal

Expert System

nsys analyze report.nsys-rep

Interpret results

Problems identified and suggestions
to fix them

Input .nsys-rep or .sqlite via
command in terminal

Local GUI*

nsys-ui report.nsys-rep

Visual performance analysis

Timeline of CPU, GPU, OS activity,
analysis summary, diagnostics
summary, CPUsamples

Transfer .nsys-rep to local, then run
command to open with GUI
manually



CLI Statistics (nsys stats)

Analyzing Results - Summaries

sk NVTX Range Summary (nwtx_sum):

Total Time (ns) Instances Avg (ns) Med (ns) Min (ns) Max (ns) StdDev (ns)

8 373 33 8 373 13 . 8 73 13 . 8 73 13 B 73 13 5 c ini H H
817,494,673,46 17,494,673,463.0 817,494,673,463.0 B817,494,673,46 17,494,673,46 PushPop :training Total runtlme SeCtloned by manually

7,802,688,212 7,802,688,212.0  7,802,688,212.86  7,802,688,212  7,802,688,212 PushPop :data load/sort
2,901,489,129 2,901,489,129.8  2,901,489,129.0  2,901,489,129  2,901,489,129 PushPop :training setup ;
2,142,966,883 2,142,966,883.8  2,142,966,883.0  2,142,966,883  2,142,966,883 PushPop :logging data on cpu defined labels
1,931,465, 301 1,931,465,301.8  1,931,465,3061.8  1,931,465,381  1,931,465,301 PushPop :split/mask data

74,112,316 74,112,316.8 74,112,316.08 74,112,316 74,112,316 PushPop :initialize structures

¢ 05 Runtime Summary (osrt_sum):
Time (%) Total Time (ns) Num Calls Avg (ns) Med (ns) Min (ns) Max (ns) StdDev (ns) Name

64.2 3,002,064,744,158 8,034  166,466,937.1 60,341,925.0 7,887 13,296,423,389  251,341,489.9 | pthread_cond_wait Total runtime spent in OS calls
17.8  831,959,227,387 8,317  100,831,168.4  100,185,210.0 40,801 100,271, 029 3,675,857.1 | poll

17.8  830,720,390,129 178 4,666,968,483.9 4,076,016,915.5 51,573 92,424,761,188 6,798,671,870.9 | sem wait

8.1 5,809,310,131 85,299 68,105.3 30,586.0 1,001 73,442,296 Toctl

8.1 5,191,247, 801 19,090 271,935.5 1,735.0 1,000 423,826, 406 epoll pwait

Wait/sleep ]

sk CUDA API Summary (cuda_api_sum):

Total Time (ns) MNum Calls Avg (ns) Med (ns) i ) ) StdDev (ns)

148,612,107,965 30,817 4,822,406.7

2,161.0

181,562,697 13,318,095.7 |cuStreamSvnchronize

116,083,789, 409 9,420 12,323,119.9 7,326.0 20 121,543,421 31,458,660.2 [cudaMemcpyAsync . .

75,410, 661,702 13,377 5,637,337.3  17,877.0 112,941,437 22,574,977.9 |cuMemcpyDtoHAsync_v2 Total runtime spent in CUDA API calls
32,739,976, 279 2,231 14,675,023.0  110,147.0 53,552,208 23,291,009.6 |cuMemcpyHtoDAsync v2 (CPU to GPU)

6,209,163,333 268,151 23,155.5 1,852.0 74,587,910 476,720.9 cuMemAllocFromRoolAsync
1,353,430,717 281,187 4,813.3 4,171.0 2 3,087.1 culLaunchKernel
861,988,465 12,698,765 67.9 64.0 3 124.9 cuCtxGetId
419,433,893 4,374 95,892.5 15,246.0 660,140.6 cuMemGetInfo_v2
353,944,267 263,858 1,341.4 1,146.0 1,013.8 cuMemFreeAsync Copy between CPU and GPU ]
62,957 4,342.0 2,2 6,564,199 26,639.9 cudalaunchKernel
240,087,818 2,884,928 2 78.0 37,446 133.4 cuStreamGetCaptureInfo
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CLI Statistics (nsys stats)

Analyzing Results - Summaries

[ Map reduce operation ]

Total runtime spent on GPU kernels
s CUDA GPU Kernel Summary (cuda_gpu_kern_sum):
Time (%) Total Time (ns) Instances Avg (ns) Med (ns) Min (ns) Max (ns) StdDev (ns)

63,705,847, 105
26,591,187, 128
22,865,550, 173
18,885,878,699
12,771,649, 360
12,403,261,525
11,211,894, 386
10,462,384, 609
9,462,120, 944
9,249,170, 326
8,479,060, 826
8,025,000, 965
6,093,767,743

on

50,721,215.8 2 60,487,571 944,605.3 |big mapreduce kernel(identity, add sum, Float32, CartesianIndices<(long)4, Tuple<OneTo<Int64>, OneT..
4,704,725.3 8 11,114,286 ,422,354.8 maxwell_sgemm_128x64_nn
3,166,096.7 35,764,551 ,617,289.2 partial mapreduce grid{identity, add_sum, Float32, CartesianIndices<(long)2, Tuple<OneTo<Int6d>, On..
7,518,263.8 3 14,963,747 b66,001.3 _Z3 3515CukernelContextl3CulDeviceArrayl/Float32L14EL11EE11BroadcastedI12Curraystylell14E12DeviceMe..
4,441,086.0 8,492,680 348,737.5 woid cudnn::ops:isoftmax fw kernel=(int}2] float, float, (int)256, (int)1, (int)l1, (int)@=(cudnnTen..
4,188,164.9 11,716,678 2,622,630.2 |maxwell sgemm_ 128x64 tn
B,709,272.5 14,497,201 775,162.2 73 3515CuNernelContextl3CuDevicedrrayI7/Float32L14EL11EE11BroadcastedI12CuArrayStyleIL14E12DeviceMe..
1,0895,546.0 3 1,862,345 24@,679.8 big_mapTreduce_kernel(identity, add>sum, Float32, CartesianIndices<(long)}3, Tuple<OneTo<Int&d>, OneT..
427,953.5 281,163 10,997,354 2,233,286.9 rpmd_
7.127,206.5 5,449,752 11,282,642 631,553.9 73 3515CuKernelContext13CubeviceArrayI®Eloat32L14EL11EE11BroadcastedI12CuArrayStyleIL14E12DeviceMe..
1,178,285.0 687,804 2,012,430 79,45875 big_mapreduce_kernel{identity, add_sum, Fiqat32, CartesianIndices<(long)3, Tuple<OneTo<IntG4>, OneT..
38@,815.08 259,018 1,300,147 1257400.4 sgemm_32x32x32_NN_vec
2,425,863.8 2,653,878.5 1,183,311 4,717,589 ©99,504.0 maxwell sgemm_128x64 nt
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[ Matrix multiplication ] Softmaxfunction!]

4ok CUDA GPU MemOps Summary (by Size) (cuda_gpu_mem_size_sum):

Total (MB) Count Avg (MB) Med (MB) Min (MB) Max (MB) StdDev (MB) Operation ) '
Total size of data copied between CPU
346,443.401| 14,633 23.6875 498,221 99,365 |[CUDA memcpy Device-to-Host] and GPU
309,264.677 | 10,395 29.751 498,221 116.711 |[CUDA memcpy Host-to-Device]
308,007.177) 1,949 158.833 2 498,221 228.945 |[CUDA memset]

NN | 1 0.251 2 2 B.251 f.0008 |[CUDA memcpy Device-to-Device]

GPU to CPU = device to host
CPU to GPU = host to device

| 300GB moved! |

dot CUDA GPU MemOps Summary (by Time) (cuda_gpu_mem_time_sum):

Time (%) Total Time (ns) Count Avg (ns) Med (ns} Min (ns) Max (ns) StdDev (ns) Operation Total runtime spent copying data
74,423,104,231 14,633 5,085,977.2 112,735,679 21,599,245.3 [CUDA memcpy Device-to-Host] between CPU and GPU
32,675,181,216 10,395 3,143,355.6 53,494,511 12,345,307.4 [CUDA memcpy Host-to-Device]
717,619,748 1,949 368,198.9 1,154,125 531,611.4 [CUDA memset]
2,592 1 2,592.8 2,592 8.8 [CUDA memcpy Device-to-Devicel]




Expert System (nsys analyze)

Analyzing Results - Flags (e e

NVTXranges to actually see/fix where these are occurring.

sk CUDA Async Memcpy with Pageable Memory (cuda_memcpy_async):

The following APIs use PAGEABLE memory which causes asynchronous CUDA memcpy
operations to block and be executed synchronously. This leads to low GPU
utilization.

Suggestion: IT applicable, use PINMED memory instead.
Duration (ns) Start (ns) Src Kind Dst Kind Bytes (MB) Device ID Context ID Green Context ID Stream ID API Name Flags use of async copy calls from

708,331,341,718 Pageable Device
498,635,513,581 Pageable Device
691,424,137,566 Pageable Device
436,926,016,997 Pageable Device
476,002,368,484 Pageable Device
54p,834,903,385 Pageable Device
607,051,797,853 Pageable Device
685,010,654,912 Pageable Device
736,708,602,545 Pageable Device
545,032,652,994 Pageable Device

cudaMemcpyAsync_v3020 « pageabl_e” memory
cudaMemcpyAsync_v3A20
cudaMemcpyAsync_v3020
cudaMemcpyAsync_v3020
cudaMemcpyAsync_v3020
cudaMemcpyAsync_v302@
cudaMemcpyAsync_v302@
cudaMemcpyAsync_v3029
cudaMemcpyAsync_v3029
cudaMemcpyAsync_v3B20

ol et ek ek ek ek o ek ek ki
A g e e e
xR~ R R R R R )
[l et ek et et ek ek ek ek ek

# CUDA Synchronization APIs (cuda_api_sync):

The following are synchronization APIs that block the host until all issued
CUDA calls are complete.

Suggestions:

1. Avoid excessive use of synchronization.

2. Use asynchronous CUDA event calls, such as cudaStreamwWaitEvent() and
cudaEventSynchronize(), to prevent host synchronization.

FlagS where CPU code sto Ps and Duration (ns) Start (ns) API Name

waits for the GPU 201,393,718,390
509,447,792 ,834

386,545,652, 284

18,853 360,501,204,065

18,789 295,781,369,932

18,734 195,252,706,731

18,599 281,498,776,487

18,493 556,570,724,491

18,305 257,86@,227,015

17,713 166,635,125,262

cudaStreamSynchronize_v3020
cudaStreamSynchronize_v3ez2e
cudaStreamSynchronize v3e2@
cudaStreamSynchronize v3e2@
cudaStreamSynchronize v302@
cudaStreamSynchronize_v3020
cudaStreamSynchronize_v3020
cudaStreamSynchronize_v3az2e
cudaSt reamSynchronize v3e2@
cudaStreamSynchronize v3e2@

e fe e e e e e P
€0 00 00 00 00 00 £0 00 00 00



Expert System (nsys analyze)

NVTXranges to actually see/fix where these are occurring.

Analyzing Results - Flags (e e

s GPU Gaps (gpu_gaps):

The following are ranges where a GPU is idle for more than 588ms. Addressing
these gaps might improve application performance.

Suggestions:

1. Use CPU sampling data, OS5 Runtime blocked state backtraces, and/or 05
Runtime APIs related to thread synchronization to understand if a sluggish or
blocked CPU is causing the gaps.

i ) ) Flags where GPU was found to be idle
2. Add NVTX annotations to CPU code to understand the reason behind the gaps.

for >0.5s
Start (ns) Device ID Context ID

4,534,746,663 22,013,080, 050
7,642,828,674 57,362,953, 162
6,484,579,275 49,758,432,874

2,262,561,688 752,539,466,623
1,734,695,195 78,902,762,459
1,683,416,128 69,781,473,034

o 00 00 00 00 oD

1,658, 646,843
1,536, 004,811
1,502,035,099

68,110,816, 318
95,296,873, 960
9@,877,439,109

-~ V= R R = I I R Y ]
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sk GPU Time Utilization (gpu_time_util):

jury

1,446,803,184 47,901,386, 865

The following are time regilons with an average GPU utilization below 5@%%.
Addressing the gaps might improve application performance.

Suggestions:
. 1. Use CPU sampling data, 05 Runtime blocked state backtraces, and/or 05
Flags where GPU was sub—optlmally Runtime APIs related to thread synchronization to understand if a sluggish or
utilized blocked CPU 1is causing the gaps.
2. Add NVTX annotations to CPU code to understand the reason behind the gaps.

Row# In-Use (%) Duration (ns) Start (ns) Device ID Context ID

81,995,153,199 19,625,303,879 1,487,081
189,326,870,931 730,249,964,137 1,487,081




Local GUI (nsys-ui)

Analyzing Results - Timeline View

- 0s 60s 120s 180s 240s 300s 360s 420s 480s 540s 600s 660s 720s 780s 840
» CPU (24) 1o 100%
~ Processes (85)
~ () [1487081] julia 1o 100%

» CUDA HW (0000:67:00.0 - N' Mgﬁ.{gg’ Ll
~ Threads (25)

- [v|[1487081] julia thread = ~

o 100%

0S runtime libraries
NVTX

+ CUDA API
Profiler overhead

.o 100%

4

v [1487996] julia »

0S5 runtime libraries
CUDA API
Profiler overhead

v/ [1487997) julia = ~10100%

4

0S runtime libraries
CUDA API
Profiler overhead

v/ [1487952) julia = Sl

4

0S runtime libraries
CUDA API
Profiler overhead

v [1487995] julia « ~10100%

4

05 runtime libraries
CUDA API
Profiler overhead
20 threads hidden... — 4+ -to100%
~ (8 [1487190] julia .10 100%
= Threads (19)

- v/ [1487190] julia »

.10100% |
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Analyzing Results - Timeline View (CPU)
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Analyzing Results - Timeline View (?

- 0s 60s 1208 180s 2408 300s 360s 420s 480s 540s 600s 660s 7208 780s Mq

Kernel

~ CUDA HW (0000:67:00.0 - N - E
Memory L L i L B T - T L T

» [All Streams]

J
~ >99.9% Stream 14
B | A AL S S S

~ 73.2% Kernels

» 29.5% big_mapreduce_
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» 9.0% maxwell_sgemm_

b 8.9% partial_mapreduc

» 6.4% _73_3515Cukerne

68 kemel groups | —+

|

~ 26.8% Memory
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0.7% Memset

30.3% HtoD memcpy

69.0% DtoH memcpy
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Local GUI (nsys-ui)




Analyzing Results - Timeline View
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Local GUI (nsys-ui)

Analyzing Results - Analysis Summary

kraken.iric.ca (0:0) Module summary
Process ID Module name Address CPU time (overall) CPU time (per process)
Target
@x7T9cTc23cha-
Hostname kraken.iric.ca 1487081 fusr/ib64/libcuda.s0.575.51.03 41.17% 41.38%
0x7f9c7ded3e0e
Local time at t=0 2025-11-12T16:43:41.173-05:00
o ) ' o  @x779d60TbABAe-
UTC time at t=0 2025-11-12T21:43:41.173Z 1487081 Jufchans/ julia/juliaup/julia-1.11.7+0.x64.linux.gnu/libjulia/libjull 35.94% 36.13%
0x779d611a7008
TSC value at t=0 2457627744732340
/fanon @x779d639abBee-
Platform Linux 1487081 8.44% 8.48%
File not found or is not a valid ELF file. @x779d639%acoee
0s Rocky Linux 8.10 (Green Obsidian)
! o 0x7f9d5b75b000-
Hardware platform %86_64 1487081 fufchans/ juliafjuliaupfulia-1.11.7+0.x64.linux.gnu/libjulia/libLL 6.16% 6.19%
0x7f9d5eaf400@
Serial number Lacal (CLI}
CPU description Intel(R) Core(TM) i9-7920X CPU @ 2.90GHz
SPU desariot NVIDIA GeForce GTX 1080 Ti Thread summary
escriptions NVIDIA GeForce GTX 1080 Ti Infermation about 365 threads (that have been active at least once) has been captured during the profiling session.
NVIDIA driver version 575.51.03 Infermation about idle threads is not represented here.
Max EMC frequency 1.60 GHz ProcessID  Thread ID Name CPU utilization
CPU context switch supported 1487081 1487081 julia thread 1 79.80%
GPU context switch supported 1487081 1487996  julia 4.50%
Guest VM id ) 1487081 1487997  julia 4.36%
Tunnel traffic through SSH  no 1487081 1487952 julia 4.35%
Timestamp counter supported 1487081 1487995  julia 4.27%
Linux paranoid level 2 1487081 1487094 [NSys] 1.56%
Profiling session UUID 41bdB848c-cadc-42a3-806a-c53d7c1417a5 1487081 1487226 CUPTI worker thread ~ 0.35%
Target name kraken.iric.ca Information about 358 threads with CPU utilization below 0.10% has been hidden.

Process summary
Process ID  Name Arguments CPU utilization
1487081 julia rank_{f.jl 909.37%
-C native -g1 --compile=min -1 --startup-file=no -e using
Libdl driver, deps... = ARGS for dep in deps
Libdl.dlopen(dep; throw_error=false) === nothing && exit(-1)
end library_handle = Libdl.dlopen(driver; throw_error=false)
library_handle === nothing && exit(-1) function_handle =
Libdl.dIsym(library_handle, "culnit") status =
ceall(function_handle, Cint, (UInt32,), 0) status == 0 Il

1487190 lufchans/julia/fjuliaup/julia-1.11.7+0.x64.linux.gnubinfjulia 0.17%
exit(-2) exitin



Analyzing Results - Diagnostics Summary

Messages
Saurce
/A Daemon

Q9P OO OO0 OOOROOROORQROR0O Q@

Daeman
Daeman
Daemon
Analysis
Daeman
Injection
Injection
Injection
Injection
Injection
Injection
Injection
Injection
Injection
Injection
Injection
Injection
Injection
Injection
Injection
Injection

Injection

Process ID

1487081
1487081
1487081
1487081
1487190
1487190
1487190
1487190
1487190
1487190
1487190
1487190
1487081
1487081
1487081
1487081
1487081
1487081

Time

-00:00.004

-00:00.004
-00:00.004
-00:00.000
00:00.000
00:00.000
00:00.030
00:00.048
00:00.056
00:06.069
00:06.088
00:06.095
00:06.397
00:06.418
00:06.420
00:06.473
00:06.473
00:06.695
00:07.462
00:07.476
00:07.476
00:07.527

00:07.533

Description

Unable to collect CPU kernel IP/backirace samples. perf event paranoid level is 2.
Change the paranoid level to 1 to enable CPU kernel sample collection.

Try

sudo sh -c "echo 1 >/proc/sys/kernel/perf_event_paranoid'

to change the paranoid level to 1.

Intel(c) Last Branch Record (LBR) backtraces collected.
Event 'Reference Cycles', with sampling period 2200000, used to trigger process-free CPU IP sample collection.
1 CPU IP samples collected for every CPU IP backirace collected.

Profiling has started.

Commen injection library initialized successfully.

OS runtime libraries injection initialized successfully.

OpenGL injection initialized successfully.

Commen injection library initialized successfully.

OS runtime libraries injection initialized successfully.

OpenGL injection initialized successfully.

Buffers holding CUDA trace data will be flushed on CudaProfilerStop() call. See --flush-on-cudaprofilerstop to control this behavior.
ActivityFlushPeriod returned 15: CUPTI_ERROR_NOT_INITIALIZED

Loaded CUPTI library: /opt/nvidia/nsight-systems/2024.5.1/target-linux-x64/libcupti.so.12.6

Subscribe returned 15: CUPTI_ERROR_NOT_INITIALIZED

CUDA injection initialization failed.

NVTX injection initialized successfully.

Buffers holding CUDA trace data will be flushed on CudaProfilerStop() call. See --flush-on-cudaprofilerstop to control this behavior.
Loaded CUPTI library: fopt/nvidia/nsight-systems/2024.5.1/target-linux-x64/libcupti.s0.12.6

Installed CUDA driver version (12.9) is not supported by this build of Nsight Systems. CUDA trace will be collected using libraries for driver version 12.6
Enabling trace for device graph launch

CUDA injection initialized successfully.

Local GUI (nsys-ui)




Analyzing Results - ?

Bottorm-Up View - | | Native ~ || Process [1487081] julia (99.4%, 25 of 25 threads)

fr Filter... | 1,065,422 samples are used.

Symbol Name Self, % ~ Module Name

» ge_mark_obj8 13.04 Ju/chans/ juliafjuliaup/julia-1.11.7+0.x64 linux.gnu/lib/julia/libjulia-internal. s0.1.11.7
» Ox7f9c7c2ed184 7.53 fusr/lib64/libcuda.s0.575.51.03

¢+ ge_mark_loop_serial_ 544 Jufchans/ juliafjuliaup/julia-1.11.7+0.x64 linux.gnu/lib/julia/libjulia-internal.s0.1.11.7
+ gc_mark_objarray 5.22 /fufchans/ juliafjuliaup/julia-1.11.7+0.x64.linux.gnu/lib/julia/libjulia-internal. 50.1.11.7
b Ox7f9c7c533f4e 5.21 /usr/lib64/libcuda.s0.575.51.03

» Ox719c7c2f7651 472 Jusr/lib64/libcuda.s0.575.51.03

} gc_sweep_page 428 fufchans/juliafjuliaup/julia-1.11.7+0.x64 linux.gnu/lib/julia/libjulia-internal.s0.1.11.7
} gc_sweep_sysimg 1.58 Jufchans/ juliafjuliaup/julia-1.11.7+0.x64 linux.gnu/lib/julia/libjulia-internal.s0.1.11.7
» Ox7ffe12557b34 1.06 [vdso]

b Ox7f9c7c533eel 1.03 /usr/lib64/libcuda.s0.575.51.03

Bottorm-Up View - | | Native -~ || Process [1487190] julia (0.2%, 19 of 19 threads)

fr Filter... | 1,742 samples are used.

Symbol Name Self, % ~ Module Name

« blas_thread_server 76.23 /u/chans/ julia/juliaup/julia-1.11.7+0.x64.linux.gnu/lib/julia/libopenblas64_0.3.27 s0
» Ox7fd266103cch 76.23 /opt/nvidia/nsight-systems,/2024.5.1/target-linux-x64/libToolsInjection64.so0

» __stremp_avx2_rtm 12.23 /usr/lib64/libc-2.28.50

¢ jl_read_reloclist 1.49 Ju/chans/ julia/juliaup/fjulia-1.11.7+0.x64 linux.gnu/lib/julia/libjulia-internal.s0.1.11.7

¢ __memset_evex_unaligned_erms 1.44 jusr/lib64/libc-2.28.50

p Ox7fd265f5f149 0.80 /opt/nvidia/nsight-systems/2024.5.1 /target-linux-x64/libToolsInjection64.s0

b crc32c_ssed?2 0.75 fu/chans/julia/juliaup/julia-1.11.7+0.x64.linux.gnu/lib/juliaflibjulia-internal.s0.1.11.7

» Ox7fd265f5f130 0.75 /opt/nvidia/nsight-systems/2024.5.1 ftarget-linux-x64/libToolsInjection64.s0

Local GUI (nsys-ui)




Demo :D
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